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Information-Theoretic Framework
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LoTUS: Large-Scale Machine Unlearning with a Taste of Uncertainty
Christoforos Spartalis’?, Theodoros Semertzidis?, Efstratios Gavves':3, Petros Daras?
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Results

BB Average Gap (1): Balance between forgetting and retention
B JSD (1): Unlearning efficacy & Resilience to the Streisand Effect

Runtime Estimation (1): Unlearning efficiency
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(Beaver - CIFAR-100)

Large-Scale Real-World Benchmarking

Method RF-JSD xle4 (]) Time ({) Retain Acc. MIA Acc.

The Original 1.2210 01 (pre-trained) 0.94 500 0.71 1000

. . Finetuning 2.22:|:0_02 16.24:|:0_03 0-97:|:0.00 0.78:|:0_00

model is not available  NgyGrad+ 217 4000 18102005 | 0.974000  0.8010.00
Rnd Labeling 1 .80:|:0_09 19.37:|:0_03 0-95:|:0.0'| 0.74:|:0_01

. Pre-tra|ned V|T Bad Teacher 3.1 6:|:3.25 11 .66i0_03 0.77:|:0_21 0-52:|:0.18
SCRUB 1.24 001 24.49 903 0.94. 600 0.711000

* [ImageNet-1K (1.2M) SSD 1234001 22611010 | 0.94:000 0.711000
° lelted data access UNSIR 2.54:|:0_03 33.12:|:0_03 0-99:|:0.00 0.77:|:0_01
SalUn 1 .83:|:0_03 59-27:|:0.37 0.95:|:0_00 0.74:|:0_01

LoTUS 1.11 001 10.72_ ¢ 01 0.94 00 0.61_19 01

Novel Metric: Retrain-Free Jensen-Shannon Divergence
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Contributions

v" Information-Theoretic Framework
for formalizing Machine Unlearning

v LoTUS: Scalable and effective

entropy-based unlearning strategy

v' RF-JSD: Evaluation metric for large-
scale and real-world benchmarking
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